The Elephant in the Corner — Part 2

David Dipple
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= Introduction

m Using SPSS

= Attrition Analysis

m Recency, Frequency and Value
= Modelling

m Other Apps
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Using SPSS

m SPSS is a powerful tool that is adaptable for
use by a wide range of people with differing
levels of skills

m Marketers can obtain basic reports and counts
quickly and easily

= More advanced users can build powerful
models and segmentation solutions
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SPSS and You

> Reports

LTV
Segmentation
Models
Selections
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Menus and Syntax
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Display frequency tables

|Statistics...| | Chants... | | Fomat..

E= elephant syntax - SPSS Syntax Editor

File Edit View Data Transform Analyze Graphs Utilites Run Window Help

The menu structure and syntax
allows people with different
skills and requirements to use
SPSS
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* calculate time in months between each donation.

if (urn ne lag(urn)) time_to_next=0_

if (urn eq lag(urn)) time_to_next=datediff{don_date lag(don_date), 'months’).

if (fcasenum eq 1) time_to_next = 0.
* calculate the sequence number of each donation.

if (urn ne lag(urn)) don_no=1.
if (um eh lag{urn)) don_no=1+lag(don_no).
if (fcasenum eq 1) don_no=1.

* add descriptive labels to each of the created variables.

variable labels

urn ‘Supporter URN

/don_date Date of Donation’

/Don_val "‘Amount of Donation’

ffrst_date ‘Date of First Doanation’

ffrst_year ‘First Year of Donation’

ftime_to Time to Donation from First Don (years)
ftime_to_next Time Between Donations (months)
fdon_no ‘Donation Seq Number'.

formats frst_date (date11).
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Menus and Syntax

As the analyses
become more
complex — the

need to use anmf;?nents
SPSS syntax A
increases
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Benefits and Drawbacks of Using Syntax

= Benefits
m Repeatability
= Multi-tasking
m Analysis History
m Powerful and essential for more complex analyses

m Drawbacks
= White page syndrome
= A level of knowledge is required
m Possibility of making mistakes
m [t isn't Excel
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SPSS Syntax

Let’s see somein action .....ovvieiieiernecnnnees
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Syntax in Action — Attrition Analysis

= Understanding who stays and who goes allows
us to decide where money should be invested
in the future

= It also allows expectation values to calculated
to give an idea of a supporter’'s potential worth

m Using SPSS it is not difficult to calculate and
create attrition curves by numerous factors.....
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Attrition

Graph Showing Activity 'n' years after recruitment in 2000 . ]
With some basic

1 00 e A data manipulation it
Is possible to create

0.80- some powerful
analysis and

0.60- reports.

s Here an attrition/

. retention curve has
been produced to

- understand

- supporter fall-off.
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Syntax in Action — Recency Frequency & Value

m RFV is one of the basic building blocks for
understanding supporter value and behaviour

m RFV is often an important factor when doing
more advanced analysis and segmentation

= RFV is relatively easy to calculate..........



Recency, Frequency & Value

Number of Donations (banded)

Frequency

Mean Donation Value (banded)

600,000~

400,000

200,000

Upto £10

£10to £15 £15t0£25 £25to £50
Mean Donation Value (banded)

£50 plus

400,000+
300,000
=
3
2
i
E
O 200,000
4
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100,000
0
o Twi Three to Five Six to Te Eleven Plus
AL £Donati
Recency of last Donation (banded)
800,000~
500,000~
=
3
c
@
3
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@
@
w
200,000~
o

Over 24 morths  18to 24 morths  12to18months G to 12months
Recency of last Donation (banded)

Upto 6 morths

Again with some
basic data
manipulation it is
possible to create
both basic and
more advanced
recency, frequency
& value analysis.

Mean contribution

Contribution Chart
by RFV Score

200.00—

150 .00

100.00

5000+

0.004

T T T T T T
Bl 5 7 8 9 10 11 12 13 14 15

RFV Score
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Planning tools at your fingertips

B Crosstabs

Mean Donation Value (banded) * Number of Donations (banded) * Recency of last Donation {banded) Crosstabulation

er of Donations (handed)

b Three to Five | Sixto Ten Eleven FPlus Total
ﬁ Supporter URM [um] Rawee) OK 90107 44438 28818 559240
& ro_don E ¢ Mean Denation Value 17892 | 11692 3961 | 61835
& mean_don = 11602 7572 G013 53021
P . m 4074 2944 2442 18667
t[;ati;fusmam” last. Columnis): 1530 1060 749 8026
e e I A
: Help 1712 991 764 4383
S 923 542 450 1287
s 259 156 167 047
kit 101 67 70 402
8459 5218 3043 34200
. & Recency of last Donat 5601 4536 4492 28622
1672 1473 1531 120
as0 857 952 4274
314 262 403 1422
[ ] Display clustered bar charts 154 a2 138 B8
8811 7220 7516 41119
[ Suppress tables 2832 3246 5685 27331
1430 1459 2169 7290
[ﬁtatistic:s...] [ Cells. .. ] [ Format .. ] Ty 875 1525 5529
247 287 595 1832
£50 plus 110 78 132 119 201 G40
Total 17258 3660 5603 5986 10175 42582
Up to 6 months Mean Donation Upta £10 1893 2753 3502 2047 3188 13384
Value (banded)  £10to£15 841 203 GE8 566 879 3367
£1510 £25 313 138 70 268 503 1592
£35 10 £50 71 B9 108 a9 209 556
£50 plus 14 23 41 7! 83 195
Total 3132 3376 4709 3014 4863 19094




Modelling

An approximate answer to the right question is
worth a great deal more than the precise
answer to the wrong question.

The first golden rule of applied mathematics



Modelling

During a modelling
project about 80-85%
of the time is taken
up with data
manipulation and
understanding

M Modelling
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Don’t be daunted — help is always at hand

g3 elephant modelling syntax - SP55 Syntax Editor (i=1lF73

I -
File Edit View Data Transform Analyze Graphs Utlites Run Window Help E- Regression Models Option
cHAD e B=k A > @6 I F

frmval_bnd Mean Value of donations”.

Cortents | index | Search | Favorites |

LOGISTIC REGRESSION @t ||
= ([ Help Topics l
5. syntax help..... .
1

@ Categories Option [WITH independent varl [BY var [BY var] ... 1]
fre var no_donshb fden_bnd Idon_bnd tval_bnd mval_bnd. & (Q Regression Wodels Opton ) \ \ .
— — — — — [7] choosing a Procedure £

s g . = () Command Syntax 5
*run a logistic regression - based on the sample sample created earlier. @ i {REPEATED

[/CATEGORICAL = varl, var2, ... ]
@ Logistic Regression
tempor_ary. g :;‘r‘;':l;ﬂz‘;—;i's"c Regl [/CONTRAST (categorical var) = [{INDICATOR [(refecat)] 11
select if (sel_vareq 1). 2 {DEVIATION [(refcat)]  }
e E ! : : : i @ Nonlinear Regression {STMPLE [ (refoat)] )
save outfile="c:\wip\clientsiof sig\elephant\summary chaid file_sav. @ Weight Estimation A : : -
@ Two-Stage Least-Squal (HELMERT )
3
3

{POLYNOMIAL[ ({1,2,3...1}}]

’ {metric }
LOGISTIC REGRESSION VARIABLES legacy flag : :;ﬁnee {SPECIAL (matrix) 3
[SELECT = sel_var EQ 1 @ PrOBT : !

METHOD = ENTER tit_code don_lifetime reg_flag sales_flag
lott_flagdon lott_flag inmem_flag don_flag no_trans frst_don_val
last_don_val tval_dons mval_dons no_dons AcomnCat AcomGroup

B [ogistic Regression

[COMNTRAST (A G =Indicator /(CONTRAST (tit_code)=Indicator /CONTRAST :
[reg_ﬁag}:IndEcactDorrn fé%ll‘g'}l'RlSI?I'a(;Ies_ﬂag}:Indic[atlo_rC?CE)}N'I[]R:;Tm 9& Postal Sector [psec G “ ﬁ;&ﬂdm |
[!ntt_ﬁagdun}:Ind?catur JCONTRAST (Iott_ﬁag}=lndi_cat0r ICONTRAST 6?.1 Postal Area [parea] Legator Jlegacy_flag]
flag)=Indicator /CONTRAST (don_flag)=Indicator /CONTRAST
(oo gt & Acom Catogony e, | g 1 22
[SAVE = PRED PGROUP
/CRITERIA = PIN( 05) POUT(.10) TERATE(20) CUT(5) . ?i“m ?m”p[::m”: TETRE Nexd
3 om 1Ype am — —
= it . 2 t Cancel
* pre_1is saved PRED value from the LR function - the probabilty that a person will leave a legacy. ﬁatebuf BDI:E [d:tju > El;':'aﬂnates. m]
umber of Cash dai _flag
sort cases by pre_1 (d). ﬁmean Value of Dor: |don_flag
< i | Tntal Value of Donz | a'hs f:lesﬁaﬂag
SPSS Processor is rea First Date of donatic ﬁ_
p‘ﬁ Last Date of Donati Method:
& First Donation Value - |Enter vl
Or build the syntax & Last Donaton Val Selscton Varizble:
ﬁi Number of Transact v k]| | Rule..
through the menu system
and paste the results — [Eategorical... ] [ Save... ] [ Options... ]
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Understanding the model

Classification Tablé

Predicted
Selected Cases® Unselected Cases”
Legator Percentage Legator Percentage
Observed 0 1 Correct 0 1 Correct
Step1 Legator 0 776 34 85.3 908940 153597 85.5
1 72 . 83 272 .
S — )
Overall Percentage 83.0) 85.5
-_——

a. Selected cases sel_var EQ 1
b. Unselected cases sel_var NE 1
C. The cut value is .500

Multiple ways of understanding

if a model has worked. Most of

the output can be ignored by
non statisticians and the key
parts used to determine power.

Legacy Model Gains Chart

Contact
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Talking with other apps

m SPSS is very adaptable and able to work with
other applications

m Exchanging data is easy and complex problems
can be broken down into smaller parts using
the power of each of the applications.

m SPSS Answer Tree is a powerful graphical
modelling and data mining tool ........



More than one way to skin an elephant
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- Project 1
.- Tree 01 -LEGACY F o
Legator
Hode 0
Category % n
B | egator 51.02 504
B Not Legator 43.98 868
Total (100.00) 1772
Total Value of donations
Adj. P-value=0.0000, Chi-square=660.6857, df=4
[ I I
<=Up ta 10 (Upto 1D|15tn 20] (150 2D|2n to 50
Node 1 Hode 2 Node 3
Category % n Category % n Category % n
W Legator 1575 95 W Legator 2365 35 W |egator 57.14 164
M Not Legator 84.25 508 M Not Legator 76.35 113 M Not Legator 42.86 123
Total (34.03) 603 Total (8.35) 148 Total (16.20) 287
Acorn Category Regular Giver
Adj. P-value=0.0000, Chi-sguar==40.8226, df=2 Adj. P-valug=0.0000, Chi-aguare=26.2709, ¢
[ | \
Hard Pressed; Moderate Means;Unclazsified Cumfurtalbry off,0 Urban Prosperity;Wealthy Achievers 1
Node & MNode 7 Node 8 ‘ Node & b
Category % n Category % n Category % n_ | Category % n Category
B | egator 3.09 [} B |egator 17.01 33 Legator 2605 56 1 B | egator 8406 58 B | egator
B NotLegator 9651 188 B Notlegator 8253 161 Not Legator 7385 159 | B Notlegator 1594 11 H Not Lega
Total (10.95) 194 Total (10.95) 154 Total 12.13) | Total (3.89) &9 Total
| =
Regular Giver Regular Giver Mean Val
Adj. P-value=0.0392, Cin—square:l 2514, df=1 Adj. P-value=0.0000, Chi-square=21.7029, df=1 Adj P-value=0.0108
\ | [ |
1‘ T 1| Elr <=Up to 10
Node 13 Node 14 Node 15 Node 16 Node 17
Category % n Category % n Category %% n Category % n Category % n
W | egator 2542 15 W | =gator 1333 18 W | egator 4100 4 W | egator 13.04 15 W | =gator 5478 86
B Notlegator 7458 44 B NotLegator 8657 117 B Notlegator 59.00 53 B MotLegator 86.95 100 B NotLegator 4522 71
Total (3.33) 59 Total (762) 135 Total (5.64) 100 Total (6.49) 115 Total (8.86) 157
s
< l | >
Tres iGains Riizks I Fiules I Summal_l,ll
R ]
NUM | A
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